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2 HMt=(A20 [3], 0l= 2R EXMERE AME HEHE HMSI0{ Y4 AT ZEo| HetMut MzlMde A= 7|e2
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Knowledge Graphs (KGs)

Cons: Pros:

* Implicit Knowledge Structural Knowledge
Hallucination Accuracy

Indecisiveness ( \ Decisiveness

Black-box Interpretability

Lacking Domain- Domain-specific Knowledge
specific/New Knowledge Evolving Knowledge

- - - -
- - - - - -

Pros: Cons:

* General Knowledge * Incompleteness

» Language Processing + Lacking Language

+ Generalizability \ Understanding
—~“ '« Unseen Facts

Large Language Models (LLMs)

T2/ 1: MZEHLLMs) 2t 7| 7|EKGs) Al BHE/Z 7te| 45 XF8. Z44: https://arxiv.org/pdf/2306.08302.pdf
[4]

Effﬂw dRAG= &Y st ot & ditet 53t 7|5 7

AEE 3t EEH%I%’-JE IC}. o= & Q

AI 2. dRAG OHEZ2[AH0|1M 2= 7IE 7|5, =+ L RAG
& X[ @lgtt.

stk (1) DKG nfarul(paranets)d (2)
QR 3ot 2tH5| S &HE|0{, FQ C|0|H A8
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'Applications

Natural language chat |
[ appl = { Search engine }

Al Assistants ] [ Prediction systems }

J

\ J

rTechnlques. tools and compatible frameworks
| RAG frameworks and j { Graph Neural

Prompt enginee
( I MOJ tools Networks

{ Data structuring ]

Neural-symbolic

Al model fine-tuning } { Intent mapping
reasoning

-

Decentralized Retrieval Augmented Generation

r " s "\

OriginTrail Generative
DKG with Industry 4.0 Al
Paranets L )
r 3 - probabilistic, Text
- deterministic, | Decentralized generalized
domain-specific | Sclence | Federated knowledge
knowledge e 3 query - language Image
- ownership Sustainability processing
- verifiabilty | J capabilities
r N - creativity and Video
Public company inferencing
L data ) cognition r )
( \ Voice
LLM training data . J
\ 7
( Fecersied Multimodal
Metaverse responses | ]
r J S
\
. J \ J

[ wa [ oam ) v ) [ Swecom ) - )

2] 2: dRAG Z2{2/Q/3 ofZ2|7/0]M Of7|Elx{

ez E|Y eEYst X|4] J2Z(DKG, Decentralized Knowledge Graph)= Ch2| EE&|Qlat S&H, 71
&0|Xt 25{7H(permissionless) &t&s} X4 2T = HEQF0|CE 0|= HS 7HsEH QIE{ 4l Qlmatol Al 1
QAZM, Al £2M0| DKG2| £A 7Hs4(discoverability), 35 7tsX(verifiability), 233 7|s2 €88 4
UEZ 3T DKGO| Al Xtel2 X|A] MH|Aet 8HH DKG Tt (paranets)ofl =2|El X|4] XHik(Knowledge
Assets)O0|LCt,
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Al applications

Decentralized Knowledge Graph Layer

Blockchain layer
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AT A AEO| XSS 4= Al AHE miefullo] Chefdnt 284S 20{F7| 918 oA #0[Ch 2= nf2til2 o7 DKGE
LRE O|FH, Zef5t0] 2| H B2 E == UCh

5 NeuroWebOlA] 213 X|5E ¢let BE 7tset elE{Ll QIMIE|E

o
dRAG =293 = AlQ| 2 NS sl Zst= =t T2 LAlS MSsHAIRE AT =771 DKGOIM H2E 4= = A
Ao &0| 715 dRAG 82| 7IX|= 7[SstaX oz S7IEH. ME S U 7Hut=A HE7] fl6iM = I HE]|
B of|FHLIE0] Sy 240|Tf, QISX|5E fltt A4S 7hsdt QB QIMEIE 2= nfetsl 2PXA7F NeuroWeb Q14!
E|EE &850 oot das HY = J=F o2 P EF metloM XA MzE fsh7| flet 2=
Dop Hiote 722 EEYst AHEHAE Sali Z2YEILh Tt QMEIEE IS3517| ffal X4l ddste oy &3

2 X4 M= (Knowledge Mining)O0|C}.

X| &l & Z(Knowledge Mining)
It oietdlle EAE o, o2l 2GXt= A EME Yolstct, 08 71 528t @4 & it aife miztullof A 2] XA
M= ¢let QMEIE EI1|5"||—|50||:f Ol2{st HAHLIBM = FH A Y, 2EEX| &4, 27| M|§t S CHfgt =740] =5t
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ot {2 WY BFOoIM 7|SE 4= ULt ot 2HXH= NeuroWeb HHEHA EEE Salf CHE 2ot HY StHE 4
BSICE 2t 2YAHS ARAO| L2 BHe B4 W 730, K|A| &2 BIPLIZ, QME|S Chy AH|A 2 7|6 2R £ &
HO0f| #0{5t= NeuroWeb HRFLIE[7t ZQ5ICHD EEHSH= Sy @AS HA|SH 4 H|ehs MIESHT
, Knowledge Paranet
Submitting proofs ‘ Knowledge
| of published miners
Paranet proposal | knowledge
for a portion of le
SRS Paranet-specific Knowledge
s . < knowledge mining miners
yau incentives
/8N U T OIBOIM HAE 24 -
Receiving incentives
| according to paranet Kno_wledge
Paranet ) system miners
NeuroWebAl | | incentives after ’
DKG successful |
Incentives p00| proposal 3 Submitting proofs .
s of provided Sen{lce
services provider
Upon succesi
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the incentives " Paranet-specific ;
» knowledge Service
I services provider
incentives | >
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systemn provider
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knowledge graph reasoning) [6]0|Ct. O|= A EllO|| M AFRE|= TH2H|0|M RS XAl Jafj= 10| At
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1. Al &H|g XA XpAH(AT-ready Knowledge Assets)

2. XA mt2till(Knowledge paranets)

0| 2t Et9l @2|7IERY DKG UETL| HoHY, 2912, AISANS YBISHS Ao El E3L-0|A 20| of3 X2
Ct. NeuroWeb SE |2l 404 Aais)= QlME|= 7E= DKG UIEST M0 7]0fsHs ES0| tfzixiel 2o
T5ty, AIBRISS 98t US THs QIEIUO| T|Ho 2 A X4 TES SISt 1Kol 7|58 FEICL

7.1 21358 9I8t A4S JHst olEfy olmatE 156t TRAC RE2IE| £
=01 Cho| 28| HE0|Ct 2 X|Al xpato| MM

XA X2 QIZ X5 S 2I8 4T 7tstt QIHUIM =2|= 71 7|2 ddE
miotct Q2T EY DKG L £F MH|A BHe{7F AH|E0, Ol =& 2HARL 9 AH|0[7H0] 2f5 £5{7t A= H|
SEICE XA AIMXEZE DKGOl MZ2 XA XS 71 miotCh 152 DKG HEX 3 MH|A 0| 0] ChHet 242
TRACE AESIH, EMAMO||= Ho| 7tA EZES ARSI 7tA EZ2 XA XREE AHA|SH= O A8 El= E5H(2!
of| k2t Z2tEIck(oll: NeuroWebdA= NEURO, GnosisOiA&= DAI, Ethereum0|A&= ETH §).

DKG HIE/T0| LES2 X4 HAIRI} XISt Al £42E EIS517| s ZRBICt OS2 T2 M| 7H1] 344 24
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0|ZJEl TRACS| 72, (3) HIERT Fitoll 27 XA L HAfo| R HHHS I3 == TH2p 4, 0[2{3H 7|Z0f ufet
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TRAC NEURO 7|E} XpAE

X|& xpAH(Knowledge

Assets)
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